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Many studies highlight that human movements are highly successful yet display a surprising amount of variability from trial to trial.
There is a consistent pattern of variability throughout movement: initial motor errors are corrected by the end of movement, suggesting
the presence of a powerful online control process. Here, we analyze the trial-by-trial variability of goal-directed reaching in nonhuman
primates (five male Rhesus monkeys) and demonstrate that they display a similar pattern of variability during reaching, including a
strong negative correlation between initial and late hand motion. We then demonstrate that trial-to-trial neural variability of primary
motor cortex (M1) is positively correlated with variability of future hand motion (� � �160 ms) during reaching. Furthermore, the
variability of M1 activity is also correlated with variability of past hand motion (� � �90 ms), but in the opposite polarity (i.e., negative
correlation). Partial correlation analysis demonstrated that M1 activity independently reflects the variability of both past and future hand
motions. These findings provide support for the hypothesis that M1 activity is involved in online feedback control of motor actions.
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Introduction
Many studies highlight that movements are highly variable from
trial to trial (Messier and Kalaska, 1999; Todorov and Jordan,
2002; van Beers et al., 2004) and that this trial-to-trial variability
can originate from both internal (e.g., neuromuscular noise)

(Faisal et al., 2008) and external noise (e.g., perturbations). Pre-
vious studies have demonstrated that movement errors are rap-
idly corrected before the end of reaching, suggesting a powerful
online control process (Messier and Kalaska, 1999; Todorov and
Jordan, 2002; van Beers et al., 2004; Nashed et al., 2012).

How does the motor system generate online corrections? Pre-
vious studies have shown that neurons in primary motor cortex
(M1) exhibit rapid, goal-dependent responses following me-
chanical or visual perturbations, suggesting that M1 plays a key
role in online motor corrections, at least when there is a discrete
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Significance Statement

Previous studies highlight that primary motor cortex (M1) rapidly responds to either visual or mechanical disturbances, suggest-
ing its involvement in online feedback control. However, these studies required external disturbances to the motor system and it
is not clear whether a similar feedback process addresses internal noise/errors generated by the motor system itself. Here, we
introduce a novel analysis that evaluates how variations in the activity of M1 neurons covary with variations in hand motion on a
trial-to-trial basis. The analyses demonstrate that M1 activity is correlated with hand motion in both the near future and the recent
past, but with opposite polarity. These results suggest that M1 is involved in online feedback motor control to address errors/noise
within the motor system.
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disturbance on the order of several millimeters of hand displace-
ment (Herter et al., 2009; Pruszynski et al., 2011, 2014; Omrani et
al., 2014; Scott et al., 2015; Stavisky et al., 2017). We have also
shown that corrective responses are observed for small discrete
disturbances that approach the range of natural variability ob-
served during unperturbed reaching (Crevecoeur et al., 2012).
Therefore, we hypothesize that a similar feedback process in M1
manages errors/noise generated internally by the motor system
during unperturbed reaching.

Here, we examine this hypothesis by quantifying how varia-
tions in the activity of M1 neurons covary with natural variations
in hand motion on a trial-to-trial basis. Our basic assumption is
that, if M1 neurons are involved in online corrections to counter
natural variability during reaching, then trial-to-trial variations
of M1 activity should covary with hand motion in the recent past.
Furthermore, if this modulation causally generates a corrective
response, it should covary with future hand motion. Therefore,
M1 activity should covary with hand motion in both the recent
past and immediate future.

In this study, we introduce an analytical approach to compre-
hensively measure the correlations of trial-to-trial variation of
signals during reaching. We first demonstrate that variability at
the initiation of reaching is rapidly compensated by hand motion
in the opposite direction during reaching, as demonstrated in
human studies (Messier and Kalaska, 1999; Todorov and Jordan,
2002; van Beers et al., 2004). Then, we show that the trial-to-trial
variability of M1 neuron activity is correlated with past and fu-
ture hand motion. Furthermore, partial correlation analysis also
highlights that these correlations of M1 neuron with the past
and future hand motions are independent, suggesting that M1
activity reflects an online feedback process during unper-
turbed reaching.

Materials and Methods
Animals and apparatus. Five male rhesus monkeys (Macaca mulatta,
6 –17 kg, Monkeys A–E) were used in this study following procedures
approved by the Queen’s University Animal Care Committee. They were
trained to perform reaching tasks with their right arm while wearing a
robotic upper-limb exoskeleton (KINARM; BKIN Technologies) that
permitted horizontal shoulder and elbow motion and monitored those
joint motions (Scott, 1999). A virtual reality system presented visual
targets and a white cursor representing hand position in the workspace
while also permitting the monkeys to view their entire limb.

Behavioral task. We trained monkeys to perform a center-out reaching
task, which has been described previously (Kurtzer et al., 2006). In brief,
Monkeys A–D began each trial by maintaining their fingertip within a
circular start target (0.8 cm radius). This start target was positioned near
the center of the hand’s workspace (�30° and 90° at the shoulder and
elbow joints, respectively). After a random waiting period (1.5–2.0 s), a
peripheral target (1.2 cm radius) appeared at 1 of 8 possible target loca-
tions (all 6 cm away from central target). The monkey then moved from
the start target to the peripheral target within 220 –350 ms, which re-
sulted in total reach times of �500 to 600 ms including motion within the
targets. Trial completion was rewarded by a drop of water. Monkey E
performed the same center-out reaching task, but the peripheral target
was a 2.0 cm square, the target location was 5 cm away, and the time limit
to get the peripheral target was set to �750 ms. Monkeys A and B reached
to eight targets distributed approximately uniformly in joint-torque
space: 45°, 67.5°, 90°, 180°, 247.5°, 270°, 315°, and 337.5°, where 0° is to
the right and positive rotation is counterclockwise. In contrast, Monkeys
C and D reached to eight targets distributed uniformly in hand space: 0°,
45°, 90°, 135°, 180°, 225°, 270°, and 315° or 22.5°, 67.5°, 112.5°, 157.5°,
202.5°, 247.5°, 292.5°, and 337.5°. Targets were presented in random
order within a block of eight trials and blocks were repeated five to seven
times. Monkey E reached to eight targets distributed uniformly in hand

space: 0°, 45°, 90°, 135°, 180°, 225°, 270°, and 315°. In this monkey, blocks
of eight trials were repeated 30 times.

Data collection. For Monkeys A–D, we used standard techniques for
extracellular single-unit recordings in the shoulder/elbow region of left
M1 (Scott and Kalaska, 1997; Scott et al., 2001). In brief, under aseptic
conditions, we performed surgery to attach a recording chamber over the
arm area of left M1 and a head fixation post with dental acrylic. On each
recording day, a tungsten microelectrode was advanced through M1
while the monkey was performing a reaching task. Neurons active during
the task were isolated and examined for their response to passive limb
movement. Neurons responding predominantly to shoulder or elbow
movements were studied further. For Monkey E, a 96-channel Utah
Array (Blackrock Microsystems) with 1.5 mm length electrodes was
chronically implanted on the cortical surface in the arm area of M1. Spike
activity was sorted offline by isolating clusters within a space defined by
the top two principle components and peak-trough amplitude of the
spike waveforms (Offline Sorter; Plexon). Only well isolated single units
were included in the present dataset. Neuron firing was binned into 5 ms
bins (i.e., 200 Hz) and the spike counts per bin were stored for analyses.
Joint kinematic data (shoulder/elbow) were simultaneously recorded at
1000 Hz (Monkeys A and E) or 4000 Hz (Monkeys B–D) and down-
sampled to 200 Hz.

Data analyses. All analyses were performed using MATLAB (The
MathWorks, RRID:SCR_001622).

Hypothesis and predictions. The main goal of this study was to examine
the hypothesis that M1 is involved in the online correction of the limb. To
this end, we quantified how variations in the activity of M1 neurons
covary with natural variations in hand motion on a trial-to-trial basis.
Figure 1 highlights our predictions for correlations between trial-to-trial
fluctuations of hand motion and correlations between M1 activity and
hand motion. To begin, consider two reaching trials to the same target
(Fig. 1A), but one with a larger initial lateral deviation (red) and one with
a smaller deviation (blue). Therefore, online corrections must be larger
for the red trial and smaller for the blue trial to reach the target (Fig. 1A).
This online correction can be depicted as a mirror reversal of lateral hand
velocity during movement (LatVel, t1 and t2; Fig. 1B). Across all trials,
this will generate a negative correlation between initial and later LatVel
(Vel-Vel correlation; Fig. 1D).

Next, if M1 neurons are involved in online control of the limb, then
trial-to-trial variations in their firing should correlate with variations in
lateral hand motion. This link reflects that M1 is involved in selecting the
timing and magnitude of muscle activity, which in turn generates correc-
tive motion of the hand (Scott, 1997; Pohlmeyer et al., 2007; Cherian et
al., 2011; Yakovenko et al., 2011; Heming et al., 2016). For simplicity, M1
activity can be related to the direction of hand motion where a neuron
becomes most active (i.e., preferred direction, PD). If M1 is involved in
feedback processing, then an M1 neuron with a PD orthogonal to target
direction (ortho-PD; Fig. 1A) should increase its firing more for the red
trial with the larger motor correction compared with the blue trial (Fig.
1C). This relation results in a negative correlation with past hand motion
(M1-Vel correlation; Fig. 1E, left, t3 vs t1) and a positive correlation with
future hand motion (Fig. 1E, left, t3 vs t2). Finally, these correlations
should be directionally selective: a neuron with an ortho-PD should
show minimal correlations with forward hand velocity (FwdVel; Fig. 1E,
right).

Note that, although we used hand motion to explain M1 activity, we do
not suggest that activity of M1 represents hand motion explicitly (Scott et
al., 2001). Measures such as electromyographic activity likely have a more
direct link to the activity in M1 (Cherian et al., 2011; Heming et al., 2016),
but are very noisy signals. In contrast, hand velocity is a relatively simple
measure of limb motion that can be used as a surrogate of motor output.

Intertrial correlation of kinematic signal. We first examined correlations
between trial-to-trial fluctuations of hand kinematics during reaching,
referred to as “intertrial correlations.” We examined from 500 ms before
to 1000 ms after reach onset, defined as the moment when hand velocity
rose �10% of peak hand velocity. Then, we decomposed hand velocity
into a forward (FwdVel) and a lateral (LatVel) velocity relative to target
direction. We computed intertrial correlations by calculating a Pearson
correlation coefficient (r) between trial-to-trial fluctuations of hand ve-
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locities obtained from different time points. We repeated the calculation
of intertrial correlation for all time-point pairs and created a 2D Vel-Vel
correlation map. We made this correlation map for each reaching dataset
and for each individual target.

These individual correlation maps were pooled and averaged across
datasets from all monkeys. It is known that simple averaging of correla-
tion coefficients leads to underestimation because the sampling distribu-
tion of the correlation coefficients is skewed (Silver and Dunlap, 1987).
Therefore, we applied Fisher z-transformation before the averaging, as
follows:

z � arctanh(r) (1)

Where archtanh is the inverse hyperbolic tangent function and z is the
transformed value. This transformation corrects the skew in the distri-
bution of r (Silver and Dunlap, 1987). Then, we averaged the z values and
applied the inverse transformation (hyperbolic tangent function, tanh)
to get the averaged r.

Data shuffling. To evaluate chance level in the correlations, we created
similar correlation maps for shuffled data. For each pair of signals, we
shuffled the trial numbers with replacement and then calculated r with
this shuffled data. Only the trial numbers were shuffled so that the tem-
poral structure of signal was not modified by this procedure. We repeated

this shuffling 100 times and averaged them to
get a shuffled r value for each correlation map.

When we calculated the shuffled r, we added
a small Gaussian noise (0.0001 SD of original
data) to the shuffled data because shuffling
with replacement sometimes selects the same
value for all the trials. The addition of the small
random noise has almost no effect on the cor-
relation value (�0.01). After we obtained the
shuffled correlation map for individual data-
sets, we averaged across all datasets as per-
formed with the original data; that is, Fisher
z-transformation, averaging, and then the in-
verse transformation.

Significance test. The significant difference
between the original and shuffled correlation
maps was tested by pooling all datasets and ap-
plying the paired t test for each pixel of the
correlation map ( p � 0.05). However, this re-
peated test causes a multiple-comparisons
problem resulting in too many false positives.
A popular way to solve this problem is by ap-
plying the Bonferroni correction. However,
this correction is too conservative in our situa-
tion because this correction assumes indepen-
dent samplings for the individual tests. In our
data, the kinematic and neural signals are usu-
ally highly correlated between the neighboring
time points, so the Bonferroni correction is not
suitable for our dataset. The random field the-
ory (RFT) gives another solution to correct for
this multiple-comparisons problem, which is
often used for analyses of functional imaging
data (Worsley et al., 1992; Friston et al., 1994).
The RFT assumes a null hypothesis that the
signals are derived from a Gaussian random
field with a certain spatial smoothness. Based
on this assumption, RFT infers how many clus-
ters exceed a threshold by chance and the size
of each cluster. This function is defined with
Euler characteristics (Worsley et al., 1992).
Therefore, by identifying the spatial smooth-
ness of the signal, we are able to obtain the
significant limit for the cluster size at a certain
significance level. To begin, we created 2D
t-statistic maps by applying the paired t test
between the original and shuffled maps for

each pixel of the correlation map. Then, we transformed this t-statistic
map to a Z-score map by matching the probability density functions of
both distributions. The resultant Z-score map assumes a normal distri-
bution with unit variance. Then, we estimated the spatial smoothness
(FWHM in each dimension) of the Z-score map by applying the deriva-
tive method (Worsley et al., 1992). From this FWHM and total data size
(301 2 � 90,601 pixels), we estimated the significant limit of the cluster
size according to Euler characteristics ( p � 0.05). Finally, we accepted the
clusters as significant only if the cluster size exceeded this threshold for
the cluster size.

Intertrial correlation between M1 activity and kinematic signals. The PD
of M1 neurons was obtained using a plane fit based on the spike counts
within a time interval from 150 ms before to 100 ms after reach onset. We
tested a significance of the plane fitting with the standard F test for
regression analysis at the 5% level. We categorized movements based on
the neuron’s PD into three groups. ortho-PD movements were for target
locations from �135° to �45° (clockwise PD: CW-PD) and from �45°
to �135° (counterclockwise PD: CCW-PD) relative to the neuron’s PD.
Similarly, pro-PD movements were for target locations �45° relative to
the neuron’s PD. Finally, anti-PD movements were for target locations
�135° relative the neuron’s PD. As a pilot study, we also computed the
PDs at velocity peak (from 125 ms before to 125 ms after the velocity
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Figure 1. Predictions for intertrial correlation between M1 neuron activity and hand velocities during reaching. A, Schematic
illustration of two reaching trajectories from a start target to a goal target: one with a smaller deviation (blue) and one with a larger
deviation (red). B, Predicted lateral hand velocity (LatVel) for each trial. t1 and t2 represents the timing of the initial deviation (t1)
and later correction (t2). C, Predicted M1 activity with ortho-PD based on our hypothesis that M1 activity leads feedback corrections
in its PD. D, Prediction for intertrial correlation between LatVels at different time points (Vel-Vel correlation). Vertical and hori-
zontal axes indicate timing of LatVel data for intertrial correlation. Vertical and horizontal dashed lines denote the time of move-
ment onset and diagonal dashed line is a unity line. We predicted that LatVel of initial deviation (t1) is negatively correlated to
those at later timing (t2, blue circles). E, Prediction for intertrial correlation between M1 neuron activity and LatVel across time
(M1-Vel correlation). Same format as D but horizontal axis indicates timing for M1 neuron activity. We predict that activity of
neurons with ortho-PD should positively correlate with LatVel in the near future (t3 vs t2, red circle) and negatively correlate with
LatVel in the recent past (t3 vs t1, blue circle). M1 neurons with ortho-PD should also show minimal correlations with FwdVel.

Takei et al. • Online Control of Limb Movement in M1 J. Neurosci., September 5, 2018 • 38(36):7787–7799 • 7789



peak) and at reach offset (from 250 to 0 ms before reach offset) and
confirmed that most neurons display similar PDs between these epochs
and an average shift of PD from the one around reach onset was �3.6 �
52.6° and 1.8 � 64.0° at the velocity peak and the end of reach, respec-
tively (mean � SD).

The time series of neural firing was obtained by convolving the spike
trains with a double exponential kernel (rise time � 1 ms, fall time � 20
ms) that mimics a postspike potential (Thompson et al., 1996). To match
the temporal smoothness between neural firing and kinematic signals, we
further smoothed the neural signal with a Gaussian kernel (SD � 40 ms).
Then, we calculated the intertrial correlation between M1 activity and
hand velocity signals (FwdVel and LatVel) for each neuron–target pair
(M1-Vel correlation map). For the ortho-PD groups, direction of LatVel
was set to �90° (CW-PD) or �90° (CCW-PD) to make positive LatVel
indicate hand velocity in the neuron’s PD. For the intertrial correlation
map with neural activity, we applied an additional 2D Gaussian smooth-
ing (SD � 10 ms). Finally, we averaged the correlation map among each
movement category (ortho-, pro-, or anti-PD). For averaging and the
statistical tests of the maps, we used the same methods for the kinematic
signals; that is, Fisher z-transformation, averaging, inverse transforma-
tion, shuffling, t test, and the cluster size correction. In addition to the
map-based analysis, we also applied a time-window-based analysis. For a
certain test time window, we averaged the z-transformed correlation
coefficients for the original and shuffled data and then applied paired t
tests between the averaged values.

Partial correlation analysis between M1 activity and kinematic signals.
Correlations between M1 activity and hand motion in the past could be a
spurious byproduct given that M1 activity is related to future hand mo-
tion and future is correlated to past hand motion. We examined this
possibility by computing a partial correlation between M1 neuron activ-
ity and hand velocity after removing the effect of the future hand velocity.
For time point t, we computed partial correlation between M1 activity at
t [i.e., x(t)] and hand velocity at t � �1 [i.e., y(t � �1)] while controlling
the effect of future hand velocity at t � �2 [i.e., z(t � �2)]. Time differ-
ences between past (y) and future (z) hand velocities was fixed to �1 �
�2 � 250 ms based on our results from the intertrial correlation analysis.
Formally, the partial correlation was computed as follows. First, linear
regression of z was individually applied to x and y to remove a linear
effect of z. Then, the partial correlation (rxy�z) was computed as a
correlation between those residuals. Practically, this calculation was
achieved as follows:

rxy�z �
rxy � rxzryz

�1 � rxz
2 �1 � ryz

2
, (2)

where rxy, rxz, and ryz indicate a correlation coefficient between parame-
ters. We also computed a partial correlation between M1 neuron activity
and future hand velocity while controlling past hand velocity (rxz�y) by
replacing the parameters of y and z.

Mutual information between M1 activity and kinematic signals. We cal-
culated mutual information between M1 neuron activity and hand ve-
locity following the approach used by Mulliken et al. (2008). We pooled
the M1 activity and hand velocity data across reaching for eight targets for
each M1 neuron. We projected the hand velocity to the PD of each M1
neuron to obtain hand velocity in the neuron’s PD (PDVel). As with
Mulliken et al. (2008), we selected the analytical time window from the
middle of a trial (200 –300 ms after reach onset). We discretized firing
rate and PDVel signals into 16 groups based on the rank order (i.e., first
group includes values from 0 to 1/16 percentile, second group from 1/16
to 2/16 percentile, and so on). Then, we calculated the normalized Shan-
non mutual information between the discretized M1 activity and PDVel
(formulae 4, 5, and 6 in Mulliken et al., 2008).

We determined peak lag time for the mutual information by shifting
the analytical time window from �500 to �500 ms for PDVel relative to
M1 activity. The lag time that contained the maximal mutual informa-
tion was defined as the peak lag time, denoting the relative time at which
a neuron’s firing rate contained the most information about the PDVel.
Positive and negative time lag indicates M1 activity encodes future and
past PDVel, respectively. We divided the peak lag times for each M1

neuron into 25 ms bins and made a histogram. Based on Mulliken et al.
(2008), we categorized encoded information as sensory feedback (lag �
30 ms), forward estimation (30 � lag � 90 ms), or motor commands
(lag � 90 ms).

Results
Temporal change of intertrial correlation of hand velocity
Our first objective was to quantify the intertrial variability in
hand motions to each spatial target. Five rhesus monkeys were
trained to perform a center-out reaching task (Fig. 2A). Figure 2B
illustrates for a single dataset that the initial trajectory of the hand
to a target was highly variable. For example, the red trial in Figure
2B was initially directed counterclockwise and the blue trial was
directed clockwise relative to target direction. Importantly, these
initial deviations in hand trajectories were corrected later, leading
to motion in the opposite direction to attain the goal (Fig. 2B).
This illustrates the common observation that reaching move-
ments tend to be slightly curved and variable during reaching
(van Beers et al., 2004; Nashed et al., 2012).

To quantify how lateral deviation of hand motion is corrected
within a reaching movement, we decomposed the velocity into
lateral (LatVel) and forward (FwdVel) components relative to
target direction. Figure 2C illustrates LatVel for the dataset shown
in Figure 2B, highlighting a reciprocal pattern, early versus late
during reaching. For example, LatVel for the red trial was initially
negative and then became positive halfway through movement.
The blue trial displayed the opposite pattern. We calculated in-
tertrial correlations by calculating how LatVel at a given time
point for all trials in a dataset correlated with their respective
values at other time points during the trial. Figure 2D illustrates
the intertrial correlation for a data point early (150 ms after reach
onset) versus late (400 ms) in movement. The plot clearly shows
a strong negative correlation (r � �0.78), indicating that initial
deviations were corrected later during reaching. In contrast, cor-
relations were very positive for two time points early in the move-
ment (150 ms vs 200 ms, r � 0.87; Fig. 2E). A full comparison of
all intertrial correlations for the entire movement creates a 2D
correlation map (Vel-Vel correlation map; Fig. 2F). Note that the
diagonal is always 1 because it corresponds to the correlation
between identical values and top-left and bottom-right halves are
identical mirror images (i.e., the correlation map is a symmetric
matrix). This correlation map clearly shows that there are two
phases during movement: the initial LatVel during reaching re-
mains positively correlated for �200 ms and then becomes neg-
atively correlated to LatVel for the rest of the reaching movement
(�300 –500 ms).

We created a grand average of the Vel-Vel correlation maps of
LatVel by pooling datasets from all monkeys (960, 435, 1470, 392
and 264 neuron–target pairs from Monkeys A–E; Fig. 3A). The
grand average highlights the temporal dynamics of intertrial cor-
relations: the initial LatVel during early reaching (0 –250 ms) is
positively correlated and then becomes negatively correlated
to LatVel during the later phase of reaching (250 –500 ms). A
bootstrap analysis showed that both the positive and negative
correlations significantly exceeded chance levels expected from
trial-shuffled data (p � 0.05 with cluster size correction, paired t
test; Fig. 3B). Note that the largest negative correlation is ob-
served at the time-point pair between 195 and 445 ms (Fig. 3A,
white arrow, only shown in top left half). Because this point is
well before the end of reaching (�10% of peak velocity; Fig. 3A,
gray shades), we suggest that the motor correction is made online
during reaching rather than after the end of reaching.
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A similar pattern of intertrial correlations was observed in
each monkey (Fig. 3C). These correlation maps demonstrate sim-
ilar basic features: initial positive and later negative correlations
and the most negative point was well before reaching offset (200
vs 460 ms, 225 vs 450 ms, 215 vs 440 ms, 175 vs 425 ms, and 135
vs 410 ms for Monkeys A–E, respectively). These results are con-
sistent with our prediction (Fig. 1D).

Intertrial correlation between M1 neuron activity and
hand velocity
Our next question was whether variations in M1 activity across
trials was coupled to these variations in hand motion. Specifi-
cally, if M1 is involved in online control of reaching, then we
predict that M1 activity should show positive and negative cor-
relations with future and past motion of the hand, respectively.
These correlations with hand motion are dependent on the direc-
tional tuning (PD) of each neuron relative to target direction
(Fig. 1E). Figure 4A illustrates activity of an M1 neuron from
monkey E that is directionally tuned to movements to the left
(PD � 151°). We classified each target direction relative to the
neuron’s PD to predict how the neuron’s activity should relate to

lateral and forward velocity of the hand
(Fig. 1E). For this neuron, we categorized
targets 2, 3, 6, and 7 as an ortho-PD (Fig. 4A,
left). Similarly, we also categorized other
targets as a pro-PD (targets 4 and 5) and
an anti-PD (targets 1 and 8).

Then, we examined the intertrial cor-
relation between this neuron’s activity
and hand velocities. Figure 4B shows hand
trajectories during reaching to an ortho-PD
target (target 2; Fig. 4A). We hypothesized
that, in this case, the neuron’s activity
would display a positive correlation with
LatVel in the very near future and a nega-
tive correlation with LatVel in the recent
past. Figure 4, C and D, shows LatVel and
M1 activity in the same dataset. The blue
line denotes a trial when LatVel was neg-
ative at the beginning of movement and
positive at the end of movement. In this
case, the activity of the M1 neuron was
high during movement. In contrast, the
red line denotes a trial when the magni-
tude of LatVel remained smaller and, in
turn, the activity of the M1 neuron was
minimal or absent during movement.

Figure 4, E and F, illustrates the inter-
trial correlation between the activity of
this M1 neuron 200 ms after reach onset
compared with LatVel at two time points:
100 and 400 ms after reach onset. M1 ac-
tivity is negatively correlated with the for-
mer and positively correlated with the
latter. Figure 4G illustrates a full compar-
ison of all intertrial correlations for the
entire movement between the activity of
this M1 neuron and LatVel as an M1-Vel
correlation map. This map clearly shows
this neuron’s activity has a negative corre-
lation with past hand motion (below the
diagonal) and positive correlation with
future hand motion (above the diagonal).

These correlations indicate that this neuron tends to have a
higher firing rate when the hand had just deviated away from the
neuron’s PD (i.e., negative correlation) and is about to deviate
toward the neuron’s PD (i.e., positive correlation), respectively.
These correlations are consistent with our prediction based on
the hypothesis that M1 neuron is involved in online feedback
control of the limb (Fig. 1E).

We then created a grand average of these correlation maps
across all neuron–target pairs for ortho-PD targets to investigate
the details of the M1-Vel correlations. In total, we identified 324
neurons with activity that was significantly tuned to the direction
of reaching (73, 30, 155, 33 and 33 in Monkeys A–E). Each dataset
included five to seven reaches (Monkey A–D) or 30 reaches
(Monkey E) for a given target. Some neurons were recorded mul-
tiple times (2, 3, and 4 datasets for 48, 31, 3 neurons, respectively).
In total, there were 3521 neuron–target pairs (ortho-PD: 1731,
pro-PD: 895, and anti-PD: 895 pairs).

In the ortho-PD group, M1 activity had a significant positive
correlation with LatVel in the future (above the diagonal) and a
negative correlation with LatVel in the past (below the diagonal;
Fig. 5B, left). The white bands around the red and blue regions
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denote significant differences from shuf-
fled data (p � 0.05 with cluster size cor-
rection, paired t test). In contrast, the
ortho-PD group was less correlated with
FwdVel (Fig. 5B, right). Again, these re-
sults are consistent with our prediction
(Fig. 1E). We also made a separate M1-Vel
correlation map for individual monkeys
with LatVel (Fig. 5C). As the figure high-
lights, the basic correlation patterns, pos-
itive and negative correlations with future
and past hand motions, are consistent
across monkeys, although they are noisier
due to a small size of samples. We also
confirmed that these correlation patterns
were generally observable when examin-
ing each M1-Vel map for each target di-
rection (data not shown).

We estimated the peak time lags for the
positive and negative correlations be-
tween M1 activity and LatVel (Fig. 6A).
Effectively, this was done by averaging the
correlations relative to the matrix diago-
nal (double-headed arrow) from 0 to 500
ms after reach onset. Figure 6B shows the
average correlation coefficient for each
time lag from M1 activity and highlights
that M1 activity is most positively corre-
lated with LatVel at 165 ms in the future
and most negatively correlated with Lat-
Vel at 90 ms in the past. These positive and
negative peaks with future and past hand
motions were not observed for FwdVel
(Fig. 6B, right).

Our model predicts that, if this nega-
tive peak in correlation reflects online
feedback processing, then it should only
appear during the reaching movement.
We tested this prediction by examining
how the positive and negative correlations
changed before and during movement
(Fig. 6C). Effectively, this was done by av-
eraging the correlations along vertical
strips (double-sided arrow) from 50 to
250 ms (future, red area) and �200 to 0
ms (past, blue area). Figure 6D highlights
that the positive correlation with future
LatVel was observed both before and dur-
ing reaching compared with chance levels (�200 to 0 ms: t(1730) �
8.98, p � 0.001; 0 to 500 ms: t(1730) � 9.54, p � 0.001, paired t test;
Fig. 6D, left, red). In contrast, the negative correlation with past
LatVel was only observed during reaching (�200 to 0 ms: t(1730) �
0.287, p � 0.774; 0 to 500 ms: t(1730) � �4.46, p � 0.001, paired
t test; Fig. 6D, left, blue). For FwdVel, there was a small phasic
increase in the correlation between ortho-PD and future hand
velocity before reach onset (�200 to 0 ms: t(1730) � 2.83, p �
0.005; Fig. 6D, right, red), but this correlation disappeared after
reach onset.

We also examined how M1 activity correlated with online
adjustments in the direction to the target (Fig. 7). For this analy-
sis, we calculated correlations between FwdVel and M1 activity
for the pro-PD and anti-PD groups. In the pro-PD group, M1
activity was positively correlated with FwdVel in the near future

and negatively correlated in the near past (Fig. 7B, left). In addi-
tion, there was no correlation with LatVel during movement (Fig.
7B, right). When we analyzed the time lag of the correlation peaks,
the pro-PD group showed positive correlation with FwdVel at 140
ms in the future and negative correlation with FwdVel at 75 ms in the
past (Fig. 7C, left). Further, the positive correlation with future Fwd-
Vel was observed both before and during reaching (�200 to 0 ms:
t(894) � 5.58, p � 0.001; 0 to 500 ms: t(894) � 7.44, p � 0.001, paired
t test; Fig. 7D, left, red), whereas the negative correlation with past
FwdVel was only observed during reaching (�200 to 0 ms: t(894) �
0.892, p � 0.373; 0 to 500 ms: t(894) � �2.97, p � 0.003, paired t test;
Fig. 7D, left, blue). The M1 activity in this pro-PD group showed
minimal correlations with LatVel (Fig. 7B–D, right).

In the anti-PD group, M1 activity showed similar intertrial
correlations with hand velocities as observed for the pro-PD
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group, but in the opposite polarity: negative correlation with
future hand motion and positive correlation with past hand mo-
tion (Fig. 7F, left). When we examined the time lag of the corre-
lations (Fig. 7G, left), the most negative correlation with FwdVel

was at 205 ms in the future and the posi-
tive correlation with FwdVel was at 20 ms
in the past. When we looked at the tempo-
ral change of the intertrial correlations,
the negative and positive correlations
were observed only after movement onset
(�200 to 0 ms: t(894) � �2.26, p � 0.024;
0 to 500 ms: t(894) � �4.37, p � 0.001;
blue, �200 to 0 ms: t(894) � �0.093, p �
0.926; 0 to 500 ms: t(894) � 5.28, p � 0.001,
paired t test; Fig. 7H, left, red). Again, the
M1 activity in this group does not show
systematic correlations with LatVel (Fig.
7F–H, right). These results demonstrate
that M1 activity is also correlated with
past and future hand motions in pro- and
anti-PD reaching when the movement is
in the neuron’s PD.

Partial correlation analysis
Our intertrial correlation analyses high-
light three types of correlations: (1) nega-
tive correlations between early and late
hand velocities with �250 ms time lag,
(2) positive correlations between M1 neu-
ral activity and future hand velocity in
neuron’s PD with �160 ms time lag, and
(3) negative correlations between M1
neural activity and past hand velocity in
its PD with �90 ms time lag. These three
correlations raise a question as to whether
correlation between M1 activity and past
hand velocity is simply a spurious byprod-
uct resulting from the other two correla-
tions. To exclude this possibility, we
examined partial correlations between
M1 activity and hand velocity while con-
trolling for the effects of future hand ve-
locity (rxy�z; Fig. 8A). Figure 8B shows the
partial correlation map between M1 activ-
ity and LatVel in the ortho-PD group after
removing the effect of LatVel 250 ms in
the future. This time lag between future
and past hand motion was chosen based
on the largest negative correlation be-
tween early and late LatVel (�1 � �2 � 250
ms; Fig. 3A, arrow). The partial correla-
tion map clearly demonstrates the nega-
tive correlation with past hand motion
was preserved even after removing the ef-
fect of future hand motion. This result in-
dicates that M1 activity has a negative
correlation with past hand motion that is
not accounted for by the linear correlation
with future hand motion. Similarly, the
partial correlation map when controlling
for past LatVel (rxz�y) showed a significant
positive correlation with future hand mo-
tion (Fig. 8C,D).

Mutual information analysis
Our analysis suggests M1 activity is correlated with hand motion
in the near future and in the near past. In contrast, the analysis in
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Mulliken et al. (2008) suggested neural activity in the parietal
reach region (PRR) encodes the current state of movement be-
cause they found a maximum mutual information between PRR
activity and hand motion with minimal time lag. From these
observations, they suggested that PRR was involved in a forward
model for online sensorimotor control. However, they calculated
mutual information between neural activity and hand kinematics
in the middle of reaching. Philip et al. (2013) applied the same
mutual information analysis to M1 activity and suggested that
most neurons in M1 and parietal cortex similarly encode the
current state of movement, rather than the future or past move-
ments, as suggested by our analyses above.

We examined our dataset using the same approach as Mul-
liken et al. (2008) based on mutual information rather than cal-
culating correlation coefficients. Our initial analysis looked at the
middle of movement (200 –300 ms after reach onset) following

Mulliken et al. (2008). In this case, we also found, on average, a
zero lag between the peak of the mutual information between
neural activities and hand motion, replicating Philip et al. (2013)
(Fig. 9A,B).

However, the middle of the movement happens to be the time
when there is maximal variability in hand motion. Figure 9C
displays the average hand velocity projected along each neuron’s
PD across all directions: the mean (solid line) is almost zero
during movement as reaching trials were averaged across all
directions, whereas the SD of hand velocity is maximal at the
middle of movement. This was also the time when mutual infor-
mation between neural activity and hand motion was maximal
(Mulliken et al., 2008; Philip et al., 2013).

We investigated whether the selection of a mid-movement
time epoch influenced the peak lags for the mutual information
by shifting the epoch from 200 ms before to 200 ms after the
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middle of movement (Fig. 9D). We found that this shift had a
substantial impact on the results such that an early epoch had
maximal mutual information with hand velocity �200 ms in the
future (Fig. 9E, top) and a late epoch had maximal mutual infor-
mation with the hand velocity �200 ms in the past (Fig. 9E,
bottom). This indicates that mutual information was always
aligned with the middle of movement when the variability in
hand velocity was maximal, with the time lag varying consider-
ably dependent on time window selected. Therefore, the mutual
information analysis used in these studies was not suitable to
identify the temporal relationship between neural activity and
hand motion.

Discussion
Intertrial variability reflects a feedback process
during reaching
Previous studies have shown that initial movement variability is
uncorrelated with endpoint variability (Messier and Kalaska,
1999; Todorov and Jordan, 2002; van Beers et al., 2004; Nashed et
al., 2012), suggesting that deviations in hand motion at the be-
ginning of the movement are compensated for later in the move-
ment. However, one possibility is that this pattern of limb motion
is entirely generated by a feedforward or preprogrammed pro-
cess. Many studies highlight that hand trajectories are relatively
straight, but also possess slight curvatures in the trajectory of the
hand to a spatial goal (Morasso, 1981; Flash and Hogan, 1985;
Uno et al., 1989; Wolpert et al., 1994; Osu et al., 1997; van Beers et
al., 2004; Nashed et al., 2012). Interestingly, some feedforward
control models predict hand trajectories that are slightly curved
for certain target locations in human subjects (Uno et al., 1989;

Osu et al., 1997). These studies suggested that the curved trajec-
tory was a result of the optimization of intrinsic parameters (e.g.,
minimizing torque change) and thus preprogrammed.

There are several reasons why we think the trial-to-trial vari-
ability of hand motion reflects a feedback process. First, these
feedforward theories explain why the “average” hand trajectories
are slightly curved, but not why trial-to-trial variability should be
correlated between initial and later hand trajectory across trials
(Fig. 2). If these trial-to-trial variations are also preprogrammed,
then this suggests that subjects are changing their optimization
criteria (i.e., cost function) on a trial-to-trial basis.

A simpler explanation is that the temporal correlation for
hand motion is the signature of a feedback controller. A broad
range of studies have highlighted how rapid goal-directed correc-
tions are generated by the motor system following mechanical
disturbances of the limb (Crevecoeur et al., 2012, 2013; Nashed et
al., 2012, 2014) or shifts in visual feedback of hand motion
(Brenner and Smeets, 2003; Saunders and Knill, 2003; Franklin
and Wolpert, 2008; Dimitriou et al., 2013; Franklin et al., 2014).
These corrections consider a variety of factors such as target
shape (Nashed et al., 2012; Crevecoeur et al., 2013) or the pres-
ence of obstacles (Nashed et al., 2014). Further, corrective re-
sponses can be observed even for very small disturbances that
approach the range of variability observed during unperturbed
reaching (Crevecoeur et al., 2012). We suggest that a similar pro-
cess generates online compensation for errors or variability gen-
erated by the motor system itself, resulting in a negative
correlation for trial-to-trial variability between initial and later
hand motion.
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Role of M1 in online control of movement
Our results demonstrate that M1 activity is correlated with hand
velocity in the near future both before and during reaching (Figs.
6D, 7D). This suggests that M1 neurons provide both initiation
and a continuous control signal related to limb motion. This
result is consistent with previous studies demonstrating that the
population vector from M1 activity predicts the instantaneous
direction and speed of the averaged hand motion of the monkey’s
arm �100 –160 ms later (Georgopoulos et al., 1988; Moran and
Schwartz, 1999a,b), as well as muscle activity with a �50 ms time
lag (Morrow and Miller, 2003). We extend this by demonstrating

neural variability around the mean pattern also correlates with
future variability in hand motion. We found peak latencies of
140 –165 ms for both the ortho-PD and pro-PD groups, which
would be expected due to transmission time and muscle force
development leading to movement. As for the positive correla-
tion well before reach onset (200 ms or more before reach onset;
Figs. 5B, 6D), it is likely that the correlation reflects postural
control rather than motor preparation for a forthcoming move-
ment because our task was a reaction time task and it did not have
an instructed delay period. Furthermore, the M1 activity was
correlated with hand motion before movement onset, but not
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after it. Note that, although we used hand motion to explain M1
activity, we are not suggesting M1 activity represents hand mo-
tion in external space (Scott et al., 2001). In theory, we could
perform the same correlation analysis with other motor param-
eters that are more similar to spatiotemporal features of muscle
activity, such as joint torques, or even correlate to electromyo-
graphic activity itself. Comparison of intertrial correlation be-
tween these parameters should be a focus for future studies.

Role of M1 in online feedback control of movement
Our key observation is that M1 activity is negatively correlated
with past hand motion as well as positively correlated with future
hand motion during reaching (Figs. 5B, 7B). Importantly, our
partial correlation analysis demonstrated that the negative corre-
lation with past hand motion was not generated by a spurious
correlation between M1 activity and future hand motion and vice
versa (Fig. 8). This result strongly suggests that M1 activity is
modulated based on feedback from the limb, which leads to cor-
rections in future hand motion.

There are two possible mechanisms for how M1 reflects vari-
ability of past hand motion: internal feedback or sensory feed-
back. Internal feedback of motor commands could be used to
estimate the motion of the limb to overcome time delays associ-
ated with sensory feedback (Wolpert et al., 1998). Such a forward
internal model could estimate limb motion with very little delay.
However, the peak latency between M1 and past hand motion is
�75–90 ms for the pro-PD and ortho-PD groups (Figs. 6B, 7C).

Therefore, it is unlikely that this internal feedback is the main
source of the negative correlation with past hand motion. The
more feasible mechanism is that the correlation was generated by
sensory feedback from the limb. Previous studies have shown
neural activity in M1 responds in as little as 20 ms to a mechanical
disturbance, although the onset times span a range up to 100 ms
or more (Herter et al., 2009). Further, the influence of limb me-
chanics first emerges at �50 ms and peaks at �100 ms in M1
following mechanical disturbances (Pruszynski et al., 2011).
These latencies are similar to the peak latency of the negative
correlation between M1 activity and past hand motion (75–90
ms; Figs. 6B, 7C). Therefore, our negative correlation between
M1 and past hand motion is likely mediated largely from sensory
feedback from the limb rather than internal feedback.

It is notable that the anti-PD group also displayed reciprocal
correlations with past and future hand motions, but the peak
latency was different from the other groups (205 ms in future and
20 ms in past hand motion; Fig. 7G). In addition, the anti-PD
group did not display premovement correlations with future hand
motion (Fig. 7H). Why the latencies for anti-PD group were differ-
ent is not clear, but it might be related to the fact that neurons with
PDs opposite to the direction of reaching often decrease their firing
activity and sometimes become silent. This nonlinearity might im-
pact the correlational analyses used in this study.

A previous study suggested that M1 activity encoded the pres-
ent hand motion using mutual information analysis (Philip et al.,
2013). However, our mutual information analysis demonstrates
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that the lag between M1 activity and hand motion systematically
shifted based on the time window used in the analysis (Fig. 9).
This suggests that the time lag obtained from mutual information
analysis does not provide an accurate measure of temporal links
between M1 activity and body motion, but instead reflects the
fact that the variance of hand kinematics is largest at midreach.
Suggestions that PRR specifies the present hand position should
also be reexamined because their selected time window was again
centered on the midway point of the movement (Mulliken et al.,
2008). Note that this does not mean that mutual information is
always unsuitable to examine neural encoding of movement. In
theory, mutual information provides a more general measure
than linear correlation analysis and we could compute a similar
correlation map with mutual information. However, because of
its non-negativity, it cannot provide a polarity of correlation (i.e.,
positive and negative) that is critical for our study.

The present results also provide an explanation for previous
observations that M1 codes fragments of movements termed
“pathlets” (Hatsopoulos et al., 2007). Strikingly, these pathlets
demonstrated spatially complex and temporally extensive pro-
files. The extracted pathlets often spanned from recent past to the
near future relative to the neuron activity and the direction of the
trajectory often dramatically changed during the time window.
Pruszynski et al. (2010) demonstrated that muscle activity also
showed similar complex tuning of hand kinematics, suggesting a
peripheral source for the spatiotemporal features of pathlets. Our
results provide further explanation as to why M1 neurons display

pathlets spanning both future and past limb motion. Specifically,
the present study demonstrated there are correlations with past
and future hand motions in M1 and, critically, their polarity was
opposite (i.e., negative–positive or positive–negative). This would
lead to pathlets that include motion in one direction for the recent
past and in the opposite direction for the near future, as is commonly
observed (Hatsopoulos et al., 2007; Pruszynski et al., 2010).

One limitation of the present correlation analyses is that they
assume a linear relationship between M1 activity and hand mo-
tion. There are, of course, many nonlinearities in the musculosk-
eletal system and likely many associated with neural dynamics in
M1 (Churchland et al., 2012; Russo et al., 2018). Although the
time between M1 activity and hand motion is relatively short, which
helps to reduce the impact of these nonlinearities, it is possible that
they could influence the correlational analyses in this study. Future
studies could examine the potential influence of these nonlinear ef-
fects using artificial neural networks that control a mechanically re-
alistic model of the limb (Lillicrap and Scott, 2013).

References
Brenner E, Smeets JB (2003) Fast corrections of movements with a com-

puter mouse. Spat Vis 16:365–376. CrossRef Medline
Cherian A, Krucoff MO, Miller LE (2011) Motor cortical prediction of EMG:

evidence that a kinetic brain-machine interface may be robust across altered
movement dynamics. J Neurophysiol 106:564–575. CrossRef Medline

Churchland MM, Cunningham JP, Kaufman MT, Foster JD, Nuyujukian P,
Ryu SI, Shenoy KV (2012) Neural population dynamics during reach-
ing. Nature 487:51–56. CrossRef Medline

Motor
command

Sensory 
feedback

Forward
estimation

0

40

80

10

0

−10

−500 0 500
Lag time (ms)

0

0.1
FR vs PDVel

−500 0 500
Lag time (ms)

A

B

m5-b022

n = 443

N
um

be
r o

f n
eu

ro
ns

V
el

oc
ity

(c
m

/s
)

M
ut

ua
l i

nf
or

m
at

io
n

PDVel
C

0 500
Time from reach onset (ms)

D E

−500 0 500 1000

0–100 ms

50–150 ms

100–200 ms

150–250 ms

200–300 ms

250–350 ms

300–400 ms

350–450 ms

400–500 ms

Analytical window
PDVel (mean±SD) Mutual information

N
um

be
r o

f n
eu

ro
ns

90

0

−500 0 500
Lag time (ms)Time from reach onset (ms)

(mean±SD)

Figure 9. Mutual information between M1 activity and hand velocity. A, Normalized mutual information between M1 neuron activity and hand velocity for the example neuron shown in Figure
4 (m5– b022). Hand velocity was projected to the neuron’s PD (PDVel). Positive and negative lag indicates firing activity has information about future and past hand velocity, respectively. Crosshair
indicates peak and its time lag. B, Histogram of peak lag time for mutual information between M1 activity and PDVel (443 neurons). Horizontal bars beneath the x-axis indicate the approximate lag
time ranges for sensory feedback (black), forward estimate (gray), and motor command (black) representations. C, Averaged PDVel across all trials included for this analysis (27,286 trials). Solid line
and shade indicates mean � SD, respectively. Gray rectangle indicates the analytical time window when lag time is zero. D, Averaged PDVel and different analytical time windows. Gray rectangles
indicate time windows. Scale bar, 10 cm/s. E, Histogram of peak lag time for mutual information between M1 activity and PDVel. Same format as B.

7798 • J. Neurosci., September 5, 2018 • 38(36):7787–7799 Takei et al. • Online Control of Limb Movement in M1

http://dx.doi.org/10.1163/156856803322467581
http://www.ncbi.nlm.nih.gov/pubmed/12858957
http://dx.doi.org/10.1152/jn.00553.2010
http://www.ncbi.nlm.nih.gov/pubmed/21562185
http://dx.doi.org/10.1038/nature11129
http://www.ncbi.nlm.nih.gov/pubmed/22722855


Crevecoeur F, Kurtzer I, Scott SH (2012) Fast corrective responses are
evoked by perturbations approaching the natural variability of posture
and movement tasks. J Neurophysiol 107:2821–2832. CrossRef Medline

Crevecoeur F, Kurtzer I, Bourke T, Scott SH (2013) Feedback responses
rapidly scale with the urgency to correct for external perturbations. J Neu-
rophysiol 110:1323–1332. CrossRef Medline

Dimitriou M, Wolpert DM, Franklin DW (2013) The temporal evolution of
feedback gains rapidly update to task demands. J Neurosci 33:10898 –
10909. CrossRef Medline

Faisal AA, Selen LP, Wolpert DM (2008) Noise in the nervous system. Nat
Rev Neurosci 9:292–303. CrossRef Medline

Flash T, Hogan N (1985) The coordination of arm movements: an experi-
mentally confirmed mathematical model. J Neurosci 5:1688 –1703.
CrossRef Medline

Franklin DW, Wolpert DM (2008) Specificity of reflex adaptation for task-
relevant variability. J Neurosci 28:14165–14175. CrossRef Medline

Franklin DW, Franklin S, Wolpert DM (2014) Fractionation of the visuo-
motor feedback response to directions of movement and perturbation.
J Neurophysiol 112:2218 –2233. CrossRef Medline

Friston KJ, Worsley KJ, Frackowiak RS, Mazziotta JC, Evans AC (1994)
Assessing the significance of focal activations using their spatial extent.
Hum Brain Mapp 1:210 –220. CrossRef Medline

Georgopoulos AP, Kettner RE, Schwartz AB (1988) Primate motor cortex
and free arm movements to visual targets in three-dimensional space. II.
Coding of the direction of movement by a neuronal population. J Neu-
rosci 8:2928 –2937. CrossRef Medline

Hatsopoulos NG, Xu Q, Amit Y (2007) Encoding of movement fragments
in the motor cortex. J Neurosci 27:5105–5114. CrossRef Medline

Heming EA, Lillicrap TP, Omrani M, Herter TM, Pruszynski JA, Scott SH
(2016) Primary motor cortex neurons classified in a postural task predict
muscle activation patterns in a reaching task. J Neurophysiol 115:2021–
2032. CrossRef Medline

Herter TM, Korbel T, Scott SH (2009) Comparison of neural responses in
primary motor cortex to transient and continuous loads during posture.
J Neurophysiol 101:150 –163. CrossRef Medline

Kurtzer I, Herter TM, Scott SH (2006) Nonuniform distribution of reach-
related and torque-related activity in upper arm muscles and neurons of
primary motor cortex. J Neurophysiol 96:3220 –3230. CrossRef Medline

Lillicrap TP, Scott SH (2013) Preference distributions of primary motor
cortex neurons reflect control solutions optimized for limb biomechan-
ics. Neuron 77:168 –179. CrossRef Medline

Messier J, Kalaska JF (1999) Comparison of variability of initial kinematics
and endpoints of reaching movements. Exp Brain Res 125:139 –152.
CrossRef Medline

Moran DW, Schwartz AB (1999a) Motor cortical representation of speed
and direction during reaching. J Neurophysiol 82:2676 –2692. CrossRef
Medline

Moran DW, Schwartz AB (1999b) Motor cortical activity during drawing
movements: population representation during spiral tracing. J Neuro-
physiol 82:2693–2704. CrossRef Medline

Morasso P (1981) Spatial control of arm movements. Exp Brain Res 42:223–
227. Medline

Morrow MM, Miller LE (2003) Prediction of muscle activity by populations
of sequentially recorded primary motor cortex neurons. J Neurophysiol
89:2279 –2288. CrossRef Medline

Mulliken GH, Musallam S, Andersen RA (2008) Forward estimation of
movement state in posterior parietal cortex. Proc Natl Acad Sci U S A
105:8170 – 8177. CrossRef Medline

Nashed JY, Crevecoeur F, Scott SH (2012) Influence of the behavioural goal
and environmental obstacles on rapid feedback responses. J Neurophysiol
108:999 –1009. CrossRef Medline

Nashed JY, Crevecoeur F, Scott SH (2014) Rapid online selection between
multiple motor plans. J Neurosci 34:1769 –1780. CrossRef Medline

Omrani M, Pruszynski JA, Murnaghan CD, Scott SH (2014) Perturbation-
evoked responses in primary motor cortex are modulated by behavioral
context. J Neurophysiol 112:2985–3000. CrossRef Medline

Osu R, Uno Y, Koike Y, Kawato M (1997) Possible explanations for tra-

jectory curvature in multijoint arm movements. J Exp Psychol Hum
Percept Perform 23:890 –913. CrossRef Medline

Philip BA, Rao N, Donoghue JP (2013) Simultaneous reconstruction of
continuous hand movements from primary motor and posterior parietal
cortex. Exp Brain Res 225:361–375. CrossRef Medline

Pohlmeyer EA, Solla SA, Perreault EJ, Miller LE (2007) Prediction of upper
limb muscle activity from motor cortical discharge during reaching.
J Neural Eng 4:369 –379. CrossRef Medline

Pruszynski JA, Lillicrap TP, Scott SH (2010) Complex spatiotemporal tuning in
human upper-limb muscles. J Neurophysiol 103:564–572. CrossRef Medline

Pruszynski JA, Kurtzer I, Nashed JY, Omrani M, Brouwer B, Scott SH (2011)
Primary motor cortex underlies multi-joint integration for fast feedback
control. Nature 478:387–390. CrossRef Medline

Pruszynski JA, Omrani M, Scott SH (2014) Goal-dependent modulation of
fast feedback responses in primary motor cortex. J Neurosci 34:4608 –
4617. CrossRef Medline

Russo AA, Bittner SR, Perkins SM, Seely JS, London BM, Lara AH, Miri A,
Marshall NJ, Kohn A, Jessell TM, Abbott LF, Cunningham JP, Churchland
MM (2018) Motor cortex embeds muscle-like commands in an untangled
population response. Neuron 97:953–966.e8. CrossRef Medline

Saunders JA, Knill DC (2003) Humans use continuous visual feedback from
the hand to control fast reaching movements. Exp Brain Res 152:341–352.
CrossRef Medline

Scott SH (1997) Comparison of onset time and magnitude of activity for
proximal arm muscles and motor cortical cells before reaching move-
ments. J Neurophysiol 77:1016 –1022. CrossRef Medline

Scott SH (1999) Apparatus for measuring and perturbing shoulder and el-
bow joint positions and torques during reaching. J Neurosci Methods
89:119 –127. CrossRef Medline

Scott SH, Kalaska JF (1997) Reaching movements with similar hand paths
but different arm orientations. I. Activity of individual cells in motor
cortex. J Neurophysiol 77:826 – 852. CrossRef Medline

Scott SH, Gribble PL, Graham KM, Cabel DW (2001) Dissociation between
hand motion and population vectors from neural activity in motor cor-
tex. Nature 413:161–165. CrossRef Medline

Scott SH, Cluff T, Lowrey CR, Takei T (2015) Feedback control during vol-
untary motor actions. Curr Opin Neurobiol 33:85–94. CrossRef Medline

Silver NC, Dunlap WP (1987) Averaging correlation coefficients: should
Fisher’s z transformation be used? J Appl Psychol 72:146 –148. CrossRef

Stavisky SD, Kao JC, Ryu SI, Shenoy KV (2017) Motor cortical visuomotor
feedback activity is initially isolated from downstream targets in output-
null neural state space dimensions. Neuron 95:195–208.e9. CrossRef
Medline

Thompson KG, Hanes DP, Bichot NP, Schall JD (1996) Perceptual and mo-
tor processing stages identified in the activity of macaque frontal eye field
neurons during visual search. J Neurophysiol 76:4040 – 4055. CrossRef
Medline

Todorov E, Jordan MI (2002) Optimal feedback control as a theory of mo-
tor coordination. Nat Neurosci 5:1226 –1235. CrossRef Medline

Uno Y, Kawato M, Suzuki R (1989) Formation and control of optimal tra-
jectory in human multijoint arm movement: minimum torque-change
model. Biol Cybern 61:89 –101. Medline

van Beers RJ, Haggard P, Wolpert DM (2004) The role of execution noise in
movement variability. J Neurophysiol 91:1050 –1063. CrossRef Medline

Wolpert DM, Ghahramani Z, Jordan MI (1994) Perceptual distortion con-
tributes to the curvature of human reaching movements. Exp Brain Res
98:153–156. Medline

Wolpert DM, Miall RC, Kawato M (1998) Internal models in the cerebel-
lum. Trends Cogn Sci 2:338 –347. CrossRef Medline

Worsley KJ, Evans AC, Marrett S, Neelin P (1992) A three-dimensional sta-
tistical analysis for CBF activation studies in human brain. J Cereb Blood
Flow Metab 12:900 –918. CrossRef Medline

Yakovenko S, Krouchev N, Drew T (2011) Sequential activation of motor
cortical neurons contributes to intralimb coordination during reaching in
the cat by modulating muscle synergies. J Neurophysiol 105:388 – 409.
CrossRef Medline

Takei et al. • Online Control of Limb Movement in M1 J. Neurosci., September 5, 2018 • 38(36):7787–7799 • 7799

http://dx.doi.org/10.1152/jn.00849.2011
http://www.ncbi.nlm.nih.gov/pubmed/22357792
http://dx.doi.org/10.1152/jn.00216.2013
http://www.ncbi.nlm.nih.gov/pubmed/23825396
http://dx.doi.org/10.1523/JNEUROSCI.5669-12.2013
http://www.ncbi.nlm.nih.gov/pubmed/23804109
http://dx.doi.org/10.1038/nrn2258
http://www.ncbi.nlm.nih.gov/pubmed/18319728
http://dx.doi.org/10.1523/JNEUROSCI.05-07-01688.1985
http://www.ncbi.nlm.nih.gov/pubmed/4020415
http://dx.doi.org/10.1523/JNEUROSCI.4406-08.2008
http://www.ncbi.nlm.nih.gov/pubmed/19109499
http://dx.doi.org/10.1152/jn.00377.2013
http://www.ncbi.nlm.nih.gov/pubmed/25098965
http://dx.doi.org/10.1002/hbm.460010306
http://www.ncbi.nlm.nih.gov/pubmed/24578041
http://dx.doi.org/10.1523/JNEUROSCI.08-08-02928.1988
http://www.ncbi.nlm.nih.gov/pubmed/3411362
http://dx.doi.org/10.1523/JNEUROSCI.3570-06.2007
http://www.ncbi.nlm.nih.gov/pubmed/17494696
http://dx.doi.org/10.1152/jn.00971.2015
http://www.ncbi.nlm.nih.gov/pubmed/26843605
http://dx.doi.org/10.1152/jn.90230.2008
http://www.ncbi.nlm.nih.gov/pubmed/19005005
http://dx.doi.org/10.1152/jn.00110.2006
http://www.ncbi.nlm.nih.gov/pubmed/17005623
http://dx.doi.org/10.1016/j.neuron.2012.10.041
http://www.ncbi.nlm.nih.gov/pubmed/23312524
http://dx.doi.org/10.1007/s002210050669
http://www.ncbi.nlm.nih.gov/pubmed/10204767
http://dx.doi.org/10.1152/jn.1999.82.5.2676
http://www.ncbi.nlm.nih.gov/pubmed/10561437
http://dx.doi.org/10.1152/jn.1999.82.5.2693
http://www.ncbi.nlm.nih.gov/pubmed/10561438
http://www.ncbi.nlm.nih.gov/pubmed/7262217
http://dx.doi.org/10.1152/jn.00632.2002
http://www.ncbi.nlm.nih.gov/pubmed/12612022
http://dx.doi.org/10.1073/pnas.0802602105
http://www.ncbi.nlm.nih.gov/pubmed/18499800
http://dx.doi.org/10.1152/jn.01089.2011
http://www.ncbi.nlm.nih.gov/pubmed/22623483
http://dx.doi.org/10.1523/JNEUROSCI.3063-13.2014
http://www.ncbi.nlm.nih.gov/pubmed/24478359
http://dx.doi.org/10.1152/jn.00270.2014
http://www.ncbi.nlm.nih.gov/pubmed/25210158
http://dx.doi.org/10.1037/0096-1523.23.3.890
http://www.ncbi.nlm.nih.gov/pubmed/9180049
http://dx.doi.org/10.1007/s00221-012-3377-0
http://www.ncbi.nlm.nih.gov/pubmed/23274645
http://dx.doi.org/10.1088/1741-2560/4/4/003
http://www.ncbi.nlm.nih.gov/pubmed/18057504
http://dx.doi.org/10.1152/jn.00791.2009
http://www.ncbi.nlm.nih.gov/pubmed/19923243
http://dx.doi.org/10.1038/nature10436
http://www.ncbi.nlm.nih.gov/pubmed/21964335
http://dx.doi.org/10.1523/JNEUROSCI.4520-13.2014
http://www.ncbi.nlm.nih.gov/pubmed/24672006
http://dx.doi.org/10.1016/j.neuron.2018.01.004
http://www.ncbi.nlm.nih.gov/pubmed/29398358
http://dx.doi.org/10.1007/s00221-003-1525-2
http://www.ncbi.nlm.nih.gov/pubmed/12904935
http://dx.doi.org/10.1152/jn.1997.77.2.1016
http://www.ncbi.nlm.nih.gov/pubmed/9065865
http://dx.doi.org/10.1016/S0165-0270(99)00053-9
http://www.ncbi.nlm.nih.gov/pubmed/10491942
http://dx.doi.org/10.1152/jn.1997.77.2.826
http://www.ncbi.nlm.nih.gov/pubmed/9065853
http://dx.doi.org/10.1038/35093102
http://www.ncbi.nlm.nih.gov/pubmed/11557980
http://dx.doi.org/10.1016/j.conb.2015.03.006
http://www.ncbi.nlm.nih.gov/pubmed/25827274
http://dx.doi.org/10.1037/0021-9010.72.1.146
http://dx.doi.org/10.1016/j.neuron.2017.05.023
http://www.ncbi.nlm.nih.gov/pubmed/28625485
http://dx.doi.org/10.1152/jn.1996.76.6.4040
http://www.ncbi.nlm.nih.gov/pubmed/8985899
http://dx.doi.org/10.1038/nn963
http://www.ncbi.nlm.nih.gov/pubmed/12404008
http://www.ncbi.nlm.nih.gov/pubmed/2742921
http://dx.doi.org/10.1152/jn.00652.2003
http://www.ncbi.nlm.nih.gov/pubmed/14561687
http://www.ncbi.nlm.nih.gov/pubmed/8013583
http://dx.doi.org/10.1016/S1364-6613(98)01221-2
http://www.ncbi.nlm.nih.gov/pubmed/21227230
http://dx.doi.org/10.1038/jcbfm.1992.127
http://www.ncbi.nlm.nih.gov/pubmed/1400644
http://dx.doi.org/10.1152/jn.00469.2010
http://www.ncbi.nlm.nih.gov/pubmed/21068260

	Correlations Between Primary Motor Cortex Activity with Recent Past and Future Limb Motion During Unperturbed Reaching
	Introduction
	Materials and Methods
	Results
	Discussion
	References


