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Supplementary material: 

 

Supplementary figure 1: Literature mining reveals known functional connections among red 

module genes.  165 genes in the red module were entered into Chilibot and 45 were found to share 

literature co-occurrences, in cellular processes such as to cell cycle and various signaling pathways.  In 

this analysis we included only text co-occurrences; abstract co-occurrences are excluded to decrease 

false-positive results.  It is important to note that the GO search using EASE found no categories 

significantly relating more than 4 genes in this module. This analysis shows the utility of applying different 

mining tools to explore functional mechanisms within the data.  Similarly, complex networks were also 

uncovered using IPA (data not shown).  

 

Supplemental figure 2:  YWHAZ plays a central role in both the AD and aging networks.  Network 

depictions for overlapping modules of the AD (A) and aging (B) studies where YWHAZ is a hub gene.  

Modules are graphed using the same system as figure 3, with all of the hub genes labeled, and YWHAZ 

is circled in both networks for emphasis. 

 

Supplementary table 1: A complete list of all module genes, their intramodular connectivity in the 

unsupervised AD analysis, and their correlations with MMSE score and NFT burden.  Genes with 

high intramodular connectivities are likely to play central functional roles in their respective modules.   

 

Supplementary table 2:  Information about the module eigengenes for all three analyses, including 

correlations to key phenotypic measures.  Most MEs explain 50-80% of the variance in their 

respective modules, showing that MEs are an appropriate summary measure.  

 

Supplementary table 3: Overlap between the unsupervised and supervised analyses.  Twelve 

modules were identified in the AD unsupervised analysis, whereas 5 were identified in the supervised 

analysis, which used patient phenotype to guide gene choice and network construction.  Of the 9 modules 

that correlated significantly with MMSE score in the unsupervised analysis (see Figure 2), all share at 
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least 20% of their probe sets with a module in the supervised analysis, despite the different genes used in 

the two analyses.   

 

Supplementary table 4: Selected significant EASE categories for the three modules in the aging 

analysis.  P-values in bold are significant (p < 0.05) after accounting for multiple comparisons.  

 

Supplementary table 5: All genes from overlapping modules in Figure 5.  Ninety-seven percent 

(156/160) of these genes either decrease with both AD and aging or increase with both AD and aging, 

and are positively correlated with the ME of their respective modules.  Only GRINL1A, CALR, CHST3, 

and MPZL1 are negatively correlated with their MEs in either study. 

 

Supplementary table 6: All genes with at least one significantly correlated probe set to both AD 

and aging.  As measured using IPA, genes increasing in both AD progression and aging were most 

significantly related to transcription (p=2.35*10^-6; genes marked with "@") and cell death (p=1.86*10^-4; 

genes marked with "#").  Genes decreasing in both AD progression and aging were most significantly 

involved in neurotransmission (p=2.46*10^-8; genes marked with "$") and signaling pathways 

(p=9.63*10^-8; genes marked with "&"). 

 

 


